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Abstract

An influential subset of the literature on distributional prefer-
ences studies how preferences condition on characteristics such as
workers’ relative productivity. In this study we establish that there
are default effects when such conditional fairness preferences are
measured using the “inequality acceptance” method. Depending
on the default, implemented inequality decreases by over 65% and
cross-country differences are not observed. To organize the data, we
develop a simple framework in which agents form a reference point
based on a combination of the distribution suggested by their fair-
ness ideal and the default. We use this framework to illustrate that
choice data from different defaults is needed to separately identify
the fairness ideal and effect of the default, and discuss best practices
for measuring fairness preferences.
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1 Introduction

The experimental literature on fairness preferences has established that in-
dividuals’ distributional preferences depend on the extent to which workers
are perceived to deserve their earnings. For example, some subjects show
a preference for rewarding workers with a higher level of productivity with
a higher payment, but prefer equal payments given no information on pro-
ductivity (Almas et al.l 2020). That is, “conditional fairness preferences”
differ from other formulations of distributional preferences, such as inequal-
ity aversion (Fehr and Schmidt|,[1999), in the sense that the preferred payoff
distribution may condition on a set of individual (worker) characteristics.
The study of conditional fairness preferences leads to important insights
about how individual judgement of fair distributions depends on the source
of inequality (see Cappelen et al 2013).

A prominent methodology has developed to measure conditional fair-
ness preferences using a metric labeled “inequality aversion” (see |Almas
et al} [2020). In this method, a subject is presented with a set of workers
who have been given a real-effort task, is given some information about
the workers’ characteristics, and is then asked to choose a distribution of
workers’ payoffs. Importantly, the subject is shown an “intermediate” dis-
tribution of earnings—i.e. a default—that may depend on the worker’s
characteristics and then asked whether they would like to change the pay-
off distribution for the workers away from the default option. For example,
the worker who performed better in the real-effort task may have a higher
payoff in the default distribution. Regardless of the default distribution,
however, the subject is free to select any payoff distribution.

Surprisingly given the ubiquity of the inequality acceptance as the met-



ric for conditional fairness preferences, we are not aware of any papers that
clearly document the impact of the default distribution of payoffs on the
measurement of conditional fairness preferences. In this paper, we establish
that there are significant default effects when fairness preferences are mea-
sured using the method of inequality acceptance. Depending on the default
option, implemented inequality decreases by over 65% and cross-country
differences all but disappear. This finding illustrates that, depending on
the exact research question, it may be important to explicitly account for
default effects when measuring fairness preferences using the inequality ac-
ceptance method—in particular when interpreting the level of implemented
inequality and when comparing across treatments and countries.

To organize ideas, we develop a simple model of fairness preferences
based on the framework of Breitmoser and Vorjohann! (2024) that formally
distinguishes between default effects and a “fairness ideal” that only de-
pends on worker characteristics. This framework contains a commonly-used
type-based approach (see Almas et al.,2020), which assumes that subjects
either select the default or their fairness ideal, as a special case. Using this
framework we illustrate that to separately identify the fairness ideal and the
default effect, data from multiple defaults are necessary. Lastly we discuss

the use of alternative measurements of conditional fairness preferences.

2 A Model of Fairness Preferences with De-

fault Effects

In this section we develop a theoretical framework that incorporates both

conditional fairness preferences and default effects. Conceptually, a de-



fault effect may be mechanical and simply represent a tendency to leave
a suggested division of payoffs unchanged (see |Choi et al.| (2003))). Alter-
natively, the default may impact preferences in a more complex way by,
say, influencing spectators’ beliefs regarding workers’ expectations about
payoffs (see Breitmoser and Vorjohann, 2024). The framework we develop
here allows for preferences to depend on both a fairness ideal and a default,
regardless of the behavioral mechanism driving the observed default effect,
and details a framework for how both interact to impact spectator choices
over workers’ payoff distributions.

The setting we model is of an agent—a “spectator”—i who chooses a
distribution of payoffs for two workers who have completed a real effort
task. In such settings, the agent is commonly referred to as a spectator
since their decision has no impact on their own monetary payoffs, and only
impacts the payoffs of a set of workers.

There are two workers, j € {1,2}, who complete a real effort task. The
workers each have a set of characteristics x; € K. For example, one worker
characteristic could be their performance in the real effort task—in principle
we could consider any possible worker characteristic. After completing the
task, workers are assigned “intermediate” payoffs {7, = d, 9> = 1 — d} for
d € [0,11[]

Next, the agent, i, observes a set of worker characteristics and {71, 2},
and is then given the opportunity to change the earnings to any final payofts
{1 = yi,yo = (1 — y;)}, with y; € [0,1]. We also allow for the possibility

that a particular dimension of worker characteristics is unknown by the

"'We use the term intermediate in the sense that, in the experiment we implement,
the workers first completed the real effort task and are informed about intermediate
earnings. The spectator is then informed about the intermediate payoffs, and has the
option of changing the final payoffs.



agent, which we represent with the notation (.

To capture both conditional fairness preferences and default effects,
the spectator’s preference ranking over distributions of workers’ payoff is
jointly determined by a “fairness ideal” given a particular set of worker
characteristics and the default distribution of earnings. To achieve this, we
rely on the inspiration of the work of Breitmoser and Vorjohann| (2024)),
who provide a representation result for how factors such as fairness ideals
and defaults together determine a reference point.

Specifically, we assume that the spectator’s utility function maps the

distribution of workers’ payoffs (1 — y,y) and the default d into R:

V(i {r;}, Bi,d) = =[yi — (Bmi({r;}) + (1 = Bi)d)]?, (1)

where, as before, m;({r;}) € [0, 1] represents ¢’s fairness ideal based on the
set of worker characteristics, and f3; € [0, 1] represents the weight on the
fairness ideal relative to the default.

Trivially, this model predicts that agents will choose y; in the inter-
val with the fairness ideal as one endpoint, and the default as the other.
Specifically, the agent will set y; = 8;m;({x;}) + (1 — ;)d, which implies

that:
Result 1 The agent selects y; € [m;({x;}),d] for any {B;, {r;},d}.

Note that this simple model gives the straightforward and testable pre-
diction that if there are no default effects, 5; = 1, then subjects will select
the same ex post distribution of payments regardless of the intermediate

distribution.



3 Experiment and Empirical Analysis

To test for default effects, we collect data from two different treatments,
split between two population—a representative US sample and a repre-
sentative Scandinavian (Swedish) sample. The data were collected by a
professional survey firm and the English-language questionnaires used in
the treatments are provided in Section[B]of the Appendix. All details of the
data collection and our empirical analysis and hypotheses were pre-registed
in the AEA registry (AEARCTR-0012990).

In each treatment, subjects were asked to make a decision about the
distribution of earnings for two workers who had completed a real effort
task. In all treatments, subjects were free to choose any distribution of
earnings from the set {(3,3), (4,2),(5,1),(6,0)}; e.g. if the subject chose
(4,2), then one randomly selected worker will earn a bonus payment of 4,
and the other worker will receive a bonus payment of 2. In the experiment,
we focus on the baseline case in which subject do not observe any worker
characteristics, and therefore are not able to condition their implemented
distribution on any observable characteristics.

In the “Unequal Default” treatment, subjects are informed that the
workers were told that one worker would be randomly selected to receive
an earnings bonus of 6, while the other worker would receive a bonus of
0 prior to selecting a payment plan. Additionally, the subjects were told
that the workers were informed that a third person would have a chance
to change this payment plan. This treatment is analogous to the standard
elicitation question for fairness preferences (Almas et al., [2020).

In the “Equal Default” treatment, subjects are informed that the work-

ers were told that the both workers would receive a bonus of 3. However,



as in the Unequal Default treatment, they were told that the workers were
informed that a third person would have a chance to change this payment
plan. In all treatments, the intermediate payoffs are selected randomly,
and are not based on any worker characteristics.

Lastly, we will also discuss a third “No Default” treatment, in which
subjects are asked to make a distributional decision without workers having
been informed about any intermediate payments (we provide further detail
regarding this treatment in Section . This treatment will be discussed
for illustrative purposes only and we will therefore not conduct any formal
hypothesis testing related to this treatment.

We summarize the data collection in Table [Il

Table 1: Treatments: Number of Spectators

USA | Sweden

Unequal Default 6/0 | 250 | 250

Equal Default 3/3 250 | 250

No Default (Ex-Ante) | 250 | 250

Total 750 | 750

Next we outline the hypotheses and empirical strategy of the project.
We test the following two hypotheses, based on the predictions of the simple
theoretical framework introduced above, under the assumption that there

are no default effects (3; = 1).

Hypothesis 2 Spectators implement the same level of inequality in the

Unequal Default and Equal Default treatments.



Hypothesis 3 The difference between implemented inequality in the US
and Scandinavia is the same in the Unequal Default and Equal Default

treatments.

To test these hypotheses, we use the following measure of the inequality

implemented by spectator i:

_ |Income Worker A; — Income Worker B;l

4 1 2
' Total Income < [0,1], (2)

This inequality measure is is equal to one if the spectator decides on a 6-0
split and zero if the spectator decides to equalize the incomes between the
two workers, and is equivalent to the Gini coefficient in our setting.

The main empirical specification we use to study the treatment effects

on implemented inequality is:

g; = a+ dgEqual De fault; + 6, Sweden; 5

+ doEqualDe fault; Sweden; + vX; + €, @

where EqualDe fault; is and indicator variables for spectator ¢ being in the

Equal Default treatment (as opposed to the Unequal Default treatment),

Sweden; is an indicator variable for spectator i being from Sweden, and

X; is a vector of control variables. Since the Unequal Default treatment is

the base treatment, the estimated value of dy and d, provide us with the

causal effects of the equal default on, respectively, implemented inequality

and the difference in implemented inequality between the US and Swedish
samples.

Earlier studies have shown that age, gender, education and income

are important control variables when studying fairness preferences (Almas



et al., 2020). Therefore, we also report the results both with and without
these control variables, where education is a binary indicator for whether
the subject has the equivalent of a bachelor’s degree and income is a binary
indicator for whether the subject has an individual income that is higher

or lower than the country median.

3.1 Empirical Analysis

We begin with a descriptive analysis, focusing first on the average im-
plemented inequality illustrated in Figure [I While we report the formal
hypothesis testing below, note that there is a clear impact of the default
on implemented inequality, with the average Gini coefficient decreasing by

close to two thirds.
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Figure 1: Average implemented inequality by treatment

Figure [2| shows the proportion of subjects who selected each distribu-
tion, divided by treatment. Interestingly, note that the proportion of sub-
jects who select a distribution of (5,1) and (4, 2) is also lower in the equal
default treatment. This suggests that, conditional on moving away from
the default, the default may still have an impact on which distribution is

selected (we discuss this in more detail below).
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Figure 2: Implemented distribution by treatment

Next, we consider the implemented inequality by treatment and pop-
ulation and report the average implemented inequality in the US sample

and the Scandinavian sample separately.
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Figure 3: Average implemented inequality by treatment and country

Here, the descriptive analysis seems to imply that any difference be-
tween the implemented inequality disappears in the Equal Default treat-
ment, suggesting that defaults can also impact the observed comparisons
across countries. However, to be precise as to what our experiment shows
statistically, we report the results of our main specification in Table [ be-
low.

First, note that the analysis of our main specification allows us to for-

mally reject the null that implemented inequality is equal under the Equal

10



Table 2: Main Specification

(1) (2)

Gini Gini
Equal Default -0.120"*  -0.124***
(0.0227)  (0.0224)
Sweden -0.0279  -0.0324

(0.0225)  (0.0222)
SwedenxEq. Def.  0.0189 0.0235
(0.0323)  (0.0318)

Controls - v

Constant 0.184**  (0.249***
(0.0159)  (0.0385)

N 1071 1071

Standard errors in parentheses
*p<0.10, " p < 0.05, ** p <0.01

and Unequal default treatments. Second, note that in contrast to previ-
ous studies, we do not find a significant difference between the inequality
implemented by the Scandinavian subjects and the US subjects in the Un-
equal Default treatment. We suspect that three factors may have played a
role here: (1) relative to Almas et al.| (2020), we have a smaller sample per
treatment (250 instead of 500), (2) we modify the wording of the survey
from “I do redistribute” to “I do change the earnings,” and (3) we use a
Swedish sample instead of a Norwegian sample.

Since we do not find a significant effect of the Sweden dummy in either
treatment, we of course have no chance of finding a relative effect, which
is confirmed by the non-significant coefficient on the country/treatment
interaction dummy (SwedenxEq. Def.). That is, we find no statistical
evidence that the difference in fairness preferences between the US and
Sweden vary in the Unequal and Equal default treatments.

The main take-away from the experiment is that implemented inequal-

11



ity is highly sensitive to the default, which is verified by the statistically
significant and large treatment effect in our baseline empirical analysis.
This allows us to clearly reject the model of behavior in which agents se-
lect distributions equal to a fairness ideal that only conditions on the set

of worker characteristics.

4 Identifying conditional fairness preferences

In this section we take the position of a researcher whose objective is to
identify fairness preferences conditional on worker characteristics, repre-
sented by the fairness ideal (m;({r;})), and ask the question of what data
is necessary to identify fairness preferences in a setting where spectator
choices are sensitive to both the fairness ideal and the default as modeled

in Section 2l

Comparing fairness ideals across individuals/populations

First we consider comparing fairness ideals across individuals—the results
also generalize trivially to comparing population averages. Note that by
Result |1} given a single data point y; for a given d with (; unobserved,
m;i({r;}) is not identified. This is easily verified by solving for m;({x;}) =
(yi — (1= Bi)d)/B;.

However, given two data points for different defaults {(y; 1, d1), (vi2, da),

the researcher can identify f5; and m;({x;}) separately using the following

12



equations:

mz({lij}) _ Yina — (1 - 5i)d1

Bi ’
i2 — (1= Bi)d
milfs}) = L2 = U2 B (5)
8 = Yinx — Yi2 (6)

dy —dy’

where the last equation is derived from the first two.

This gives our second result:

Result 4 The fairness ideal and the weight on the default, {m;({x;}), 5},

can be separately identified using choice data from two different defaults.

This result shows that to compare fairness ideals between populations,
such as in our comparison between US and Swedish populations, it is nec-

essary to gather data on multiple defaults to first identify ;.

Comparing fairness ideals across dimensions of worker character-
istics
In some cases a researcher may interested in comparing {m;({x;})} across
different dimensions of worker characteristics. For example, take a two-
dimensional set of worker characteristics, k; = {k;1,~j2}, where the first
dimension is a measure of worker “luck” and the second dimension is a
measure of worker “effort.” The researcher may then wish to compare
m;(kj1,0) to m;(0, k;o) for some r;1, ;2 (see|[Almas et al. 2020).

Next, assume that relative the weight that the agent puts on the default
is constant across the dimensions of worker characteristics. Note that this is

not a trivial assumption—it is not inconceivable that agents put a different

13



relative weight on their fairness ideal in the effort dimension relative to the
luck dimension. However, given this assumption, the researcher is able to
identify the difference in fairness ideals given data from the agent’s choice,
Y1, given ki1 = {K;1,0} and y, given ko = {0, {K;2}.

This gives our third result:

Result 5 Given a constant relative weight on the fairness ideal, m;({x;1,0})—
m; (0, {Iijg}) = — Y2

That is, the researcher will be able to recover the difference in fairness
ideals across dimensions of worker characteristics, but not the level of the
fairness ideals. Again, we emphasize that this identification result requires
the assumption that the weight on the fairness ideal relative to the default
is constant across different dimensions of worker characteristics. If this
assumption does not hold, then to compare fairness ideals across different
sets of worker characteristics, f would need to be estimated separately
for each set of worker characteristics using data from multiple defaults as

above.

4.1 Discussion

First, in light of the findings and framework introduced above, we discuss
the common approach of dividing subjects into “types” based on the payoff
distribution they select give a default of (0, 1) . In our setting, there are only
two relevant types: an “Egalitarian” type that equalizes payoffs (y; = 0.5),
and a “Libertarian” type that selects the default (y; = 1 in the Unequal
Default treatment and y; = 0.5 in the Equal Default treatment). In the
context of our framework, Egalitarians have a fairness ideal of 0.5 and

B; = 1, while Libertarians have (5; = 0.

14



Our experiment is not designed to test the type-based model directly.
However, note that under the assumption that types either select an equal
distribution or the default, we should not see a difference in the number
of subjects that select interior payoff distributions between the Unequal
and Equal Default treatments. That is, Egalitarians will select (3,3) in
both treatments and Libertarians will select (6,0) in the Unequal Default
treatment, and (3,3) in the Equal Default treatment. Therefore, unless
“noisy” choices are more frequent in one of the two treatments, the number
subjects selecting interior payoff distributions should be constant under the
type-based model.

This is not what we observe in the data—zooming in on the unequal
payoff distributions in Figure {4 we can see that the aggregate treatment
effect is not only driven by subjects moving from one default, (6,0), to the
other default, (3,3). Instead, the experimental data also suggest that there
may have been a treatment effect on the intermediate payoff distributions
of (4,2) and (5, 1)—for both countries, subjects also choose interior distri-
butions more often in the Unequal Default relative to the Equal Default

treatment.
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Figure 4: Implemented distribution by treatment and country (choices for
equal payoffs, (3,3), are excluded).

To explore this in more detail, we run a simple OLS estimate of the
impact of the treatment on the number of subjects who select interior
distributions (reported in Table|3]), we see a consistent negative estimate of
the impact of the treatment effect both with and without control variables.
Specifically, we estimate the following specification using OLS (with and

without controls and Sweden dummy):

interior; = a + dgEqualDe fault; + 6;SW E; + vX; + €, (7)

where interior; is a dummy variable taking a value of 1 if ¢ selects a payoff
distribution of (5,1) or (4,2).

While this analysis was not preregistered and therefore should be con-
sidered exploratory, it suggests that the treatment may have had an impact
on interior distributions that is not consistent with the type-based model,
but that can be rationalized with the model we develop above.

Lastly, we comment on the implications of our findings for “best prac-
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Table 3: OLS estimates

(1) (2) (3)
Interior Interior Interior
Equal Default -0.0412** -0.0415** -0.0408*
(0.0210)  (0.0209) (0.0208)

SWE - -0.0313  -0.0320
(0.0209)  (0.0209)
Controls - - v
Constant 0.156**  0.172**  0.244***
(0.0146)  (0.0180) (0.0491)
N 1071 1071 1071

Standard errors in parentheses
*p<0.10, ** p < 0.05, *** p < 0.01

tices” for eliciting fairness preferences. In some situations, the researcher
may be explicitly interested in incorporating default effects in their study
of fairness preferences—for example, if the research question explicitly con-
cerns inequality acceptance. In these cases, however, our findings illustrate
that the average levels of implemented inequality will be highly sensitive
to the chosen default. Additionally, since measured preferences represent a
combination of default effects and fairness ideals, comparing across treat-
ments and populations is not straightforward and therefore caution should
be used when interpreting these results.

In other situations, however, the researcher may simply be interested
in how preferences over payoff distributions condition on worker charac-
teristics. Our findings illustrate that in these cases, default effects need
to be explicitly accounted for when using the standard elicitation methods
by, for example, gathering data under multiple defaults. Alternatively, in
cases where the focus is on measuring conditional fairness preferences, and

the default effect is not central to the research question, eliciting fairness
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preferences in a “default-free” setting may be preferable.
In Figure [5| we present the results of our original treatments combined
with a treatment in which subjects were simply asked to state which distri-

bution of payoffs they preferred, without any explicit default (“No Default”

.

Unequal Default Equal Default No Default

treatment) [’

Gini
15

05

[C—us N Sweden |

Figure 5: Average implemented inequality by treatment and country

Here we see that, looking only at the averages, the implemented in-
equality in the No Default treatment falls between the Equal and Unequal
Default treatments, which is consistent with the theory we develop here.
Interestingly, the difference in implemented inequality between the US and
Scandinavia is comparable to the Unequal Default treatment, again with
the caveat that these differences are not statistically significant. This sug-
gests that eliciting preferences in such a default-free setting may be prefer-
able for researchers who are primarily interested in studying how prefer-

ences over payoff distributions condition on worker characteristics.

2The questionnaire for the No Default treatment is included in Appendix It
should be noted that the spectators take decisions ex ante in the No Default treatment
and that workers are informed about the spectator’s choice prior to completing the real
effort task. In a companion project, see AEA registry entry AEARCTR-0012985 “Fair
Institutions,” we explore the impact of the timing of the spectator decision and find
that this indeed impacts spectator choices even when there is a default choice.

18



5 Conclusion

In this paper we formally and experimentally explore the impact of default
effects in the elicitation of fairness preferences. Overall our findings and
analysis suggest that default effects have an important impact on mea-
sured preferences. In particular, comparisons of fairness ideals based on
choice data across treatments with different worker characteristics, or with
different populations can be misleading without separately identifying the
impact of the fairness ideal and the default effect.

We then show that if a researcher is interested in separating between
the default effect and an underlying fairness ideal, then choice data from
multiple defaults is necessary. We also contrast our approach to models
based on different fairness “types” and discuss the different approaches. In
future research, it may be helpful to characterize the difference between the
two models in explaining the experimental data by structurally estimating
both models on a richer data set.

Lastly, we suggest that, in settings where the researcher is not explic-
itly interested in a default effect, conditional fairness preferences can be
measured ex ante in a “default-free” setting—even if expectations influ-
ence the spectator’s preferred payoff distribution, this method may ensure
that expectations are driven by beliefs about the workers rather than by

the choice architecture of the experiment.
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A Additional empirical results

We first report on the full regression results, including coefficients on the

control variables.
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Table 4: Main Specification with controls listed

0 @)
Gini Gini
Equal Default -0.120"*  -0.124***
(0.0227) (0.0224)
Scandinavian -0.0279 -0.0324

(0.0225)  (0.0222)
(Scandinavian) x (Equal Default)  0.0189 0.0235
(0.0323)  (0.0318)

Age -0.00318***
(0.000589)
Female 0.0243
(0.0161)
Other -0.116
(0.151)
Above Median Income -0.0126
(0.0175)
Political Orientation 0.0239***
(0.00839)
Higher Education -0.0162
(0.0176)
Constant 0.184** 0.249***
(0.0159) (0.0385)
N 1071 1071

Standard errors in parentheses
*p<0.10, ** p < 0.05, *** p < 0.01

21



In the following figures, we report on the proportion of spectators that

did not equalize payments—i.e. the proportion of spectators who did not

choose (3, 3).
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Figure 6: Proportion of Non-Egalitarian spectators by treatment
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Figure 7: Proportion of Non-Egalitarian spectators by country /treatment

B Further Experimental Details

B.1 “Spectator” Questionnaires

Treatment 1: Unequal Default

In contrast to traditional survey questions that are about hypothetical

situations, we now ask you to make a choice that has consequences for a
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real life situation. A few days ago two individuals, let us call them worker
A and worker B, were recruited via an international online market place to

conduct an assignment.

Worker A and worker B were each offered a participation compensation
of 2 USD regardless of what they were paid for completing the assignment.
After they had completed the assignment, they were told that it was ran-
domly decided that one of them would earn an additional 6 USD for the
work on the assignment while the other would not earn anything addi-
tional for the work on the assignment. However, they were also told that
a third person could change how the additional earnings would be divided
between the two of them and thus determine how much they were paid for

the assignment.

You are the third person and we now want you to choose whether to
change the earnings for the assignment between worker A and worker B.
Your decision is completely anonymous. The workers will receive the pay-
ment that you choose for the assignment within a few days, but will not

receive any further information.

Worker A was randomly selected to earn 6 USD for the assignment,
thus worker B earned nothing for the assignment. Please state which of

the following alternatives you choose:

I do not change the earnings:
e worker A is paid 6 USD and worker B is paid 0 USD.
I do change the earnings:

e worker A is paid 5 USD and worker B is paid 1 USD.

23



e worker A is paid 4 USD and worker B is paid 2 USD.

e worker A is paid 3 USD and worker B is paid 3 USD.

24



Treatment 2: Equal Default

In contrast to traditional survey questions that are about hypothetical
situations, we now ask you to make a choice that has consequences for a
real life situation. A few days ago two individuals, let us call them worker
A and worker B, were recruited via an international online market place to

conduct an assignment.

Worker A and worker B were each offered a participation compensation
of 2 USD regardless of what they were paid for completing the assignment.
After they had completed the assignment, they were told that it was ran-
domly decided that both of them would earn an additional 3 USD for the
work on the assignment. However, they were also told that a third person
could change how the additional earnings would be divided between the two

of them and thus determine how much they were paid for the assignment.

You are the third person and we now want you to choose whether to
change the earnings for the assignment between worker A and worker B.
Your decision is completely anonymous. The workers will receive the pay-
ment that you choose for the assignment within a few days, but will not

receive any further information.
Please state which of the following alternatives you choose:

I do not change the earnings:

e worker A is paid 3 USD and worker B is paid 3 USD.
I do change the earnings:

e worker A is paid 6 USD and worker B is paid 0 USD.

e worker A is paid 5 USD and worker B is paid 1 USD.
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e worker A is paid 4 USD and worker B is paid 2 USD.
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Treatment 3: No Default (Ex-Ante)

In contrast to traditional survey questions that are about hypothetical
situations, we now ask you to make a choice that has consequences for a
real life situation. In a few days two individuals will be recruited via an

international online market place to conduct an assignment.

The workers will each be offered a participation compensation of 2 USD
regardless of what they are paid for completing the assignment. Before
completing the assignment, the workers will be told that a third person
chose how the earnings for completing the assignment would be divided
between the two of them, and they will be informed about the third person’s

choice.

You are the third person and we now want you to choose how the
earnings will be divided between the two workers. Your decision will be
completely anonymous. The workers will receive the payment according to
your choice for the assignment within a few days, but will not receive any

further information.

Please state which of the following alternatives you choose:

e one worker is randomly selected to be paid 6 USD and the other
worker is paid 0 USD.

e one worker is randomly selected to be paid 5 USD and the other
worker is paid 1 USD.

e one worker is randomly selected to be paid 4 USD and the other
worker is paid 2 USD.

e both workers are paid 3 USD.
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